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Motif Detection Based on Migration Differential Evolution Ensemble

HU Gui-wu

(Department of Mathematics & Computational Science, Guangdong University of Business Studies, Guangzhou 510320)

Abstract In order to solve the problem of local convergence in differential evolution, this paper proposes migration strategy by simulating

nomadic migration, and gets a novel migration differential evolution model by merging migration strategy. The algorithm with ensemble technique

sufficiently exerts the advantages of different differential evolution, and its global search capability is enhanced badly. The algorithm is used to deal

with biological sequence motif detection, and experiments show that it is effective
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100 SwissProt

OTCase OTC_AQUAE, OTC_ANASP,

OTC2_PSESF, OTC2_ECOLI, OTC2_LACLA, OTC1_PSESH,

OTC1_ECOLI 300~345

Motif VKFMHCLPAFHDDETTE
OTC_AQUAE:VKVMHCLPAKKGQEITEEVFEKNADFIFTQ
OTC_ANASP:AIVLHCLPAHRGEEITEEVIEGSQSRVWQQA
OTC2_PSESF:TIFMHCLPAFHDLDTEVARETPDLVEVEDS
OTC2_ECOLI:VKRLHCLPAFHDDQTTLGKQMAKEFDLHG
OTC2_LACLA:TKFMHCLPASRGEEVVDAVIDGPNSICFDE
OTC1_PSESH:DVLFMHCLPAHRGEEISVDLLDDSRSVAWD
OTC1_ECOLI:VKFLHCLPAFHDDQTTLGKKMAEEFGLHG

2 MDEE, MDE, DE

Algorithm Detected Motif

MDEE 8 KMHCLPAF 0.810
MDE; 8 FLHCLPAS 0.767
DE, 8 FHCLPAFK 0.714
MDEE 11 KFMHCLPAFHD 0.711
MDE, 11 LFLHCLPASFH 0.701
DE, 11 IFFHCLPAKHG 0.607
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