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Abstract: Web page categorization is the foundation and core problem of web data mining,it is a typical application based on
technology of natural language processing and machine learning.lt is imperative to find an effective and efficient method for web
page categorization.In this paper,a new method is proposed for web page categorization based on ant colony optimization algo—
rithm(ACOA) and support vector machines(SVMs).The experimental results show that the method is effective and robust,only to
make up for the use of support vector machines for large sample training set less than the slow convergence with better preci-—
sion and recall.
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