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Abstract: Knowledge of Web user clustering can improve the efficiency of information searching and personalized service.Firstly,
session—page matrix can been constructed by analyzing a great deal of log.Then,based on information theory,the local weight and
global weight are considered in calculation of weight in session—page matrix.With usage of probabilistic latent semantic analysis,
the conditional probability of latent variable Z to page P is transformed the conditional probability of latent variable Z to session
S,then the transformed results are used in similarity calculation.The k-medoids algorithm is adopted to further improve clursting
result. Experiment results validate validity and limitation of this algorithm.
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