5520 5 1) ki it ¥ KR F R Vol. 20 No. 1
2009 4E 3 A Journal of China University of Metrology Mar. 2009
[c&F4=]) 1004-1540(2009)01-0071-05

2 4 3T C(R) 5 i 3 B0 4 2 i 3

A BT, EE
ChE R e B2 B W A0 310018)

O E1 AAMEENTT LS T Sigmoidal g
BOH i 22 Ak

[x&iF] &Eir
[FESES] 0174.41

s P22 28 ; Sigmoidal pREY ;1%

SR
[cattRiR el A

BRI BSCh YT BRCF BR T 1) T 22 TR 2 X C(RO) i

Degree of approximation to a function in C(R) by neural network

SHU Heng, XIE Ting-fan
(College of Sciences, China Jiliang University, Hangzhou 310018, China)

Abstract; The degree of approximation to a function in C(R) by single layer FANN with sigmoidal function is

investigated by the constructive approach.
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