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Abstract: In the 3D object recognition system,this paper presents to combine the lower order of Hu’s moment invariants and
affine moment invariants together as features of 3D objects,then these features are presented to the modified BP neural network
for 3D object recognition.The theoretical and experimental analyses prove that using the combination of Hu’s moment invariants
and affine moment invariants as features to classify 3D objects can achieve better recognition performance than only using Hu’s
moment invariants.If the combination of Hu’s moment invariants and affine moment invariants is further processed by principal
components analysis, system recognition performance can be improved greatly and network training time can be reduced.
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