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Abstract: The MRI-based quantity analysis of Substantia Nigra(SN) in human brain has more and more value in diagnosis of
Parkinson disease in today.An anatomic knowledge—constrained algorithm is described based on active surface model and adaptive
region growth to automatically delineate the SN region from a magnetic resonance image.The result of the algorithm can be used
to calculate position,shape and volume and help early clinical diagnosis as well as treating effect of SN.Experimental results
show that the algorithm has good accuracy and adaptation.
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