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Abstract: Correlating image low—level feature with high—level semantic is one of the key questions of image semantic retrieval,
SVM is an effective way.Multi—class SVM based on fuzzy C-means clustering is introduced to image semantic retrieval in order
to facilitate the generation of rules.But because heterogeneous features of images are always motley,a great many branches of bi-
nary—tree are formed and mapping accuracy rate comes down obviously.Therefore,linear discriminant analysis is introduced to bi-
nary—tree to improve the algorithm’s performance through pretreatment before clustering.The results show that the method builds
up a more comprehensible tree configuration and improves the mapping correct rate due to LDA,and meets the require of image
semantic mapping.
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