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Abstract: The relationship between concept lattice and frequent itemsets is discussed,then the model of Pruned Concept Lattice
(PCL) is introduced to represent itemsets in the database,and the scale of itemsets is compressed efficiently.The infrequent con-
cepts is pruned timely and dynamically during the PCL’s construction according to apriori property.The efficiency of the algo-
rithm is shown in the experiments.
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