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Application of Independent Component Analysis and Improved
Support Vector Machines on Finite Set Character Recognition

LU Xiaoliang, CHEN Jirong, HUANG Gexiang

(Department of Electronic Engineering and Information Science, University of Science and Technology of China, Hefei 230027)

Abstract This paper introduces the principle and algorithm of independent component analysis (ICA) and then puts forward a new method to
recognize finite set characters utilizing ICA and support vector machines(SVM). It develops the “one-versus-one” model of multi-classification of
traditional SVM and at the same time reduces the influence of undivided area. The presented algorithm can be applied to the recognition of license
plate characters, handwritten English letters, handwritten numbers, printed letters, printed numbers and other finite set characters. The experiments to
recognize Chinese characters on license plates and handwritten English characters can achieve a recognition rate of more than 95%. The results show
that this algorithm holds advantage in the finite set characters recognition.
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