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Abstract Multivariate time series (MTS) subsequences, which differ significantly from the remaining MTS subsequences, are referred to as
outlier subsequences. Tthe mining method for MTS outlier subsequences based on sliding window is proposed. An extended Frobenius norm is used
to compare the similarity between MTS subsequences, K-NN searches are performed by using two-phase sequential scan, and MTS subsequences
which are not possible outlier candidates are pruned which reduce the number of computations and comparisons. The MTS datasets of stock market
is used for outlier mining, the results show the effectiveness of the algorithm.
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