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Fig 3 Crossover operation
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[1] Fig 4 M utation operation
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Table1l Code of the first generation
1 achc Q75 Q 34 achc
2 acha Q 50 Q 22 acha
3 bcbb Q25 Q11 bcbb
4 caca Q 00 Q 00 abcb
5 abcbh Q 50 Q 22 abch
6 chaa Q25 Q11 abcb
225 100
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Table 2 Code of the second generation
1 achc abch 2 acch Qa 25
2 acha abcb 3 acbb Q 50
3 bcbb abcb 1 bbch Q 25
4 abcb bcbb 1 acbb a 50
5 acch acha 3 abca Q 50
6 abcb achc 2 abbc 1 00
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Fig 5 Genetic optimization flow of 50 genera-
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Fig 6 Initial population for slope

Fig 7 Optmum excavation schedule for slope
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Table 3 Thereault of genetic test

( x )/m /s /%

1 10x 5 50 13 12 4 12 4 100 00
2 10x 5 50 27 121 5 121 2 99 80
3 10x 5 50 40 463 1 463 1 10Q 00
4 10x 5 50 38 57.5 57.5 100 00
5 16x 8 128 155 2567. 6 2543 3 99 10
6 16x 8 128 196 387 2 385 9 99 70
7 16x 8 128 159 37 4 36 3 97 10
8 16x 8 128 176 20113 6 20695 6 10Q 00
9 20x% 10 200 556 5201 7 5201 7 100 00
10 20%x 10 200 600 39645 6 39265 4 99 10
11 20%x 10 200 399 232 1 231 9 99 90
12 20x 10 200 456 785 2 781 8 99 60
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EXCAVATION SCHEDULEDETERM INING FOR
3 OPE USING GENETIC AL GORITHM S

W u Hongci Zhang Xiaobin Bao Tai
(Guizhou U niversity o Technology, Guiyang 550003)

Abstract The fundanental of genetic algorithms is introduced Excavation schedule of
slope is detemined by means of adaptive learning genetic algorithms The genetic tests
show that resultsof genetic algorithm s are in a good agreamentw ith the know n values
Key words genetic algorithms, slope engineering, excavation schedule



