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Abstract In this paper, the time varying forgetting factor exponentially weighted least
square error criterion J,(n) = > ;| A" teT(n)Ce(n) is proposed by reducing the cor-
relation function mean square error criterion J,(n) = E|ef(n)Ce(n)} proposed by
Asharif(1999). Applying gradient method on the proposed criterion, a new adaptive filtering
algorithm for correlation function is proposed by orthogonalizing the current gradient vector
to the previous gradient vector. Computer simulation results indicate that the proposed

algorithm’s convergence performance is better than that of ECLMS algorithm proposed by
Asharif.
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