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Abstract A brain computer interface presented using electroencephalogram(EEG) signals are the subjects that have to think of the multiplication
task. EEG signals from 4 subjects are recorded at occipital scalp, while they are in the state of the multiplication task and the resting state. The
spectral power in the 3 bands: 8~10Hz, 11~13Hz and 14~30Hz, is estimated using the Welch method respectively. A ratio of the average of the
spectral power in each of the three bands to the average in 2~30Hz is designed as classification features. The multiplication task is detected by a
support vector machine classifier. The experimental results show that the method is feasible, practical, and all accuracies are more than 94.44%,
while maxim accuracy is 98.89%. Because the two channels are only used, the method is more convenient in practice for constructing letters,
controlling a wheelchair and so on.
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