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Image Feature Points Match Algorithm Based on Color Gradient
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(1. Key Laboratory of IC & SP of Ministry of Education, Anhui University, Hefei 230039;
2. School of Electronic Science and Technology, Anhui University, Hefei 230039)

Abstract An algorithm based on color gradient for image features points match is proposed. Color gradient information and geometric
characteristic of the features of both images are mixed into Laplacian matrixes. The matrixes are decomposed by the singular value
decomposion(SVD), a relation matrix that denotes the match degree among feature points is constructed by the result of the decomposition. The
match feature points of the two images are obtained according to the relation matrix. Experimental results indicate that the algorithm has the higher
matching precision.
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