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Diffusion Smoothing Based on Local Structure of Image
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Abstract The selectivity of diffusion direction and the ability of directional diffusion are the main characteristics of anisotropic diffusion filter.
Efficient expression of local feature of signal or image is the base of anisotropic diffusion. Traditional gradient expression is always disturbed by
noise. This paper defines an intension parameter of image local anisotropy and proposes a novel diffusion model by analyzing image local structure
expression manner. The results of tests indict the proposed method possesses better abilities of de-noising and directional diffusion, compared with
ALM model and CAZ model, and signal-noise ratios improves by 0.1 dB~0.8 dB and 0.3 dB~1.2 dB respectively.
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