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Improved tMHI based real-time video moving object detecting and tracing
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Abstract: A new method for segmenting and tracing real-time moving object from video image was purposed, this method
using the step-down grey value silhouette of timed Motion History Image (tMHI). By enveloping and marking the motion
silhouette regions, it can segment the moving objects from video image real-timely. By associating the motion silhouette regions
in every tMHI with the moving objects in real scene, it achieved the trace of moving objects. To get high quality segmentation,
the primary tMHI was improved by removing most of the noise. The method was demonstrated with a traffic video, and some
moving objects were segmented effectively. It appeared that the method has good locating robust; high detecting rate and fast
processing speed that satisfied real time usage. Part conglutination was basically avoided also.
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