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Batch Processing Incremental Learning Method
Based on Support Vector Regression

WANG Ling, MU Zhichun, GUO Hui
(School of Information Engineering, University of Science and Technology Beijing, Beijing 100083)

Abstract A new batch processing incremental learning method based on support vector machines is proposed to improve the model accuracy and
update the model for the increasing batch data in the real work. The proposed method has been applied to a practical case of modeling prediction
ability of mechanical property of steel materials. Compared with the traditional support vector machine incremental learning algorithm, the obtained
model results demonstrate this promising method improves the model accuracy.
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