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Simultaneous Localization and Mapping
for Robot under Colored Measurement Noise

Y1 Ying-min, LIU Ding
(Faulty of Automation and Information Engineering, Xi’an University of Technology, Xi’an 710048)

Abstract Aiming at colored measurement noise model, this paper presents a Simultaneous Localization and Mapping(SLAM) algorithm for
wheeled robot under colored measurement noise. Colored measurement noise model is converted into white measurement noise model by
recombining the process model and the measurement model for wheeled robot. In order to make the process noise and the measurement noise
irrelevant each other, the process model is re-defined. Estimating state and mapping are conducted in accordance with the virtual process model and
the virtual measurement model. In data association step, part observed landmarks are processed as redundant landmarks. Some indicators of the filter
are used to evaluate the performance the algorithm. Simulation results show that the algorithm is consistent and robust.
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