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Moving shadow detection method based on PCA

PEI Li-zhi, WANG Run-sheng
(ATR Laboratory, National University of Defense Technology, Changsha Hunan 410073, China)

Abstract: Moving cast shadows generally exist in video sequence. To prevent moving shadows being misclassified as
moving objects or parts of moving objects, and improve the accuracy of shadows detection algorithm, an algorithm of moving
cast shadows was proposed based on spatial information. First, an adaptive background was generated by building Gaussian
mixture background model, and the feature was extracted using Principal Component Analysis (PCA) based on transformation.
Then, the moving cast shadows were detected utilizing the space coordination of shadow and object pixels. Experimental
results show that the proposed algorithm is robust to noise, and can relieve the influence of illumination change and detect
moving shadows correctly.
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