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Restrictive Multi-classes Classification Model
Based on Chaotic Binary Particle Swarm Optimization

J1 Zhi-wei'?, WU Geng-feng?, HU Min®
(1. School of Information Engineering, Zhejiang Forestry University, Linan 311300; 2. School of Computer Engineering & Science, Shanghai
University, Shanghai 200072; 3. Sydney Institute of Language & Commerce, Shanghai University, Shanghai 200072)

[Abstract] The problem of restrictive multi-classes classification is a kind of multi-classes pattern recognition subject which contains specific
restrictive condition in some engineering and production area. Aiming at the question that the traditional supervised classification method could not
solve the problem of restrictive multi-classes classification, this paper proposes a Restrictive Multi-classes Classification Model based on Chaotic
Binary Particle Swarm Optimization(CBPSO-RMCM), and uses this model to predict the selection of segment type in shield tunneling process.
Simulation experiment shows that the CBPSO-RMCM model is capable of solving the problem of restrictive multi-classes classification, and has

high classification accuracy.
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