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Learning resource personalizing recommendation algorithm

based on semantic Web
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Abstract:In E-learning, in order to satisfy users’ personalized demands for learning resources, in this
paper we present a learning resources personalized recommendation algorithm based on semantic web
technology. First of all, based on users evaluations and browsing behaviors of the learning resources,
we define the learning resource set and core concept set for a user; secondly, based on the relations of
concepts in domain ontology, we obtain the user’s preference similarity by computing semantic
similarity between the different users’ learning resource sets and core concept sets respectively. At
last, we recommend collaboratively the learning resources according to the user s preference
similarity. In addition, the learning objects for management of learning resources can reduce the
complexity of similarity computation. We applied this algorithm to the personalized learning resources
recommendation system, the experiments show that the algorithm improved the effectiveness of the

recommended learning resources, especially for new resources and new registered users.
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Fig. 1 Learning resources organization model
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Fig.2 Learning resources organization chart
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Table 1 Users Evaluations

UserName LR Evaluation Set Concept Evaluation Set

<Michael Jordan, 80>
Userl <<LR1,80><CLR6,70>
< Football match, 80>

User2 <LR1,90> <Michael Jordan, 85>
User3 < LR1,90> <Michael Jordan,90>
User4 < LR6,80> < Football match,90>
User5 <<LR6,90> < Football match,90>
Usert <LR2,90><CLR3,85> < Basketball match,95>
<<LR9,80> < Baseball match,85>
User? <LR3,95> <Basketball match,90>

User8 <CLR3,60><CLR6,90> < Football match,95>

User9 < Basketball match, 95>
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