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Abstract An improved incremental learning algorithm for Support Vector Data Description(SVDD) is presented through the characteristic
analysis of old samples and new samples. In the course of incremental learning, support vecter set and non-support vector set which may be
converted into support vector in old samples and samples which violate Karush-Kuhn-Tucker(KKT) condition in new samples are chosen as training
samples and the useless samples are discarded in this algorithm. Experimental results show that the training time is greatly reduced while the
classification precision is guaranteed.
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