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K-means Clustering Learning Algorithm Based on Multi-instance

XIE Hong-wei, LI Xiao-liang
(College of Computer and Software, Taiyuan University of Technology, Taiyuan 030024)

Abstract Multi-instance learning is a new machine learning framework following supervised learning, unsupervised learning and reinforcement
learning. Multi-instance learning and unsupervised learning are combined. This paper proposes a new multi-instance clustering algorithm
MI_K-means based on traditional unsupervised learning algorithm K-means. The algorithm MI_K-means adopts mixed Hausdorff distance as similar
measure to carry out clustering. Experimental shows that MI_K-means can effectively reveal inherent structure of a multi-instance data set, and it
can get better clustering effect than K-means algorithm.
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