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The Bayesian Integral Inference Method and Its

Application in Accuracy Evaluation

CAO Yuan, HU Zheng-dong, GUO Cai-fa, ZHANG Shi-feng

(College of Aerospace and Material Engineering, National University of Defence Technology, Changsha 410073, China)

Abstract: The expression of prior distribution and prior information fusion are great importance in Bavesian theory’s applica-

tion. An approach about the integral inference of prior information 1s proposed based on one wvpe weapon’ s complimentary test in-

formation in different conditions. The Dirichlet distribution is inwoduced as the prior diswribution of importance factors in mult-

source information and the inference model for importance factors are established by Bavesian networks. The posterior distribution

can be obtained reasonably through the updated nodes by MCMC method. Hence, the problem of importance factors inference is

settled. Simulation results show that this approach is able to fuse the prior distributions effectively and has a bright application

prospect in accuracy evaluation.
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