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An improved algorithm based on sets operation for mining frequent itemsets

LOU Lan-fang, PAN Qing-xian
(School of Computer Science and Technology, Yantai University, Yantai 264000, Shandong, China)

Abstract: Mining association rules is an important issue in data mining and one of its key steps is generating frequent itemsets. A

frequent itemsets mining algorithm based on sets operation was presented and compared with the classical algorithms apriori. This

algorithm needs only to scan the database once. Experiments indicate the new algorithm is very efficient.
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Table 1 A simple transaction database

4% TID Tji£E Ttemset
T 1,3,4
T, 1,2,3,4,5
T, 2,3,4
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Table 2 New creation database
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Table 3 One length of large item sets
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Table 5  Three length of large item sets
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Public Type Spswrs
spidset() As String 1 i1 H 4
saleidset() As String * B =R 55 4E
End Type
Public Type Spsetsup
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End Type
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Fig.1 Data store in memory
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Table 6 Time performance comparison table

SRFEEB{E N 0.01

SCRFBEBIEN 0.1 SCRFE BN 0.2

A EASHRCRFS Apriori 532 [UEHERTS Apriori 53 [UETAERPS Apriori #1%
167 17 1 27 1 1 0 1
A0 FF 1 30 0 2 0 2
943 1T 1 41 0 3 1 3
2199 17 2 55 1 9 1 9
JCE , LA R 25 HE A ADL B8 i 2 (R B 4, XA ]
4 HEFRE P AT

R B RA A AT R E BB L Aprioni B3k
AL LA

(1) R0 i 2 55 20 o — ko Ok A
A i 5 AR PP ST BN 2 s R B PR R A A
PAJE AR e e, T3 SRR R I AN
VTR 2R o XA SRV B I A PR RE AT LAAR K 2

=

) o

(2) FETHI e e B SCHF R I, O 5 Rt
SR ORI ) 5 55 SRR AR T 3R A BRI A B SR E, B
Z AW 2 U RO R A A, SUTEIRA T I
] b R KA KL

(3) TE/EMRAE AT, 22 B N 28 3 R 45 5
KA 3 45, Ml S E AN 25 B AL

(4) ey (k- 1) - B EIUER 5, i T80 it
YRR, 76 b (k= 1) - T8 88 Ax i A- T i 32 4
AU HER TR 2 (IR 45, T L —A 18 B AT
Bl 1 25 A AR B, B (k- 1) - TR 2546 v T 42
Itemset F15555 S HFEE Tset HP IR TP VA NS,
FREC o SC 2 A8 B AR B R B AN R 1Y

S 3Lk

[1] CHENM S, HANF, YUPS. Data mining: an overview from
database perspective[] 1. IEEE Transactions on Knowledge and
Data Engineering, 1996, 8(6) :866-883.

[2] AGRAWAT R, IMIETINSKI T, SWAMI A. Mining association
rules between sets of items in very large databases| C]//Pro-
ceedings of the ACM SIGMOD Conference on Management of
data, washington, USA, may, 1993:207-216. [2008-09-24 ] .
http: //www2. computer. org/portal/web/csdl/abs/trans/tk/
1999/05/k0798abs . htim

[3] AGRAWAL R, SRIKANT R. Fast algorithms for mining associ-
ation rules[ C// Proceeding of the 20th Int7 Conference on
Very Large Databases, Santiago, Chile, Santiago de Chile:
Morgan Kaufmann, 1994: 487-499.

(4] vhadte O 0, R SE AR, S5 R L Dl SRIB LI B R 4
HERRAE D], T3 HLRLE 2000, 27 (38 1)) :82-87 .

[5] BKE =, JEPi¥e, sy & B mosed (M), 58 2 i b
AR R 1999,

(%4303 TT)



