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A REVIEW OF COASTLINE DETECTION ON SAR IMAGERY

OUYANG Yue, ZHONG Jin - song

(Institute of Electronics ,
100080, China)

Chinese Academy of Sciences, National Key Laboratory of Microwave Imaging Technology, Beijing

Abstract: Coastline detection in Synthetic Aperture Radar (SAR) images plays a significant role in various sorts of

marine application such as autonomous navigation and geographic mapping. Several methods used in recent years

for applying SAR imagery to coastline detection and edge detection are reviewed,

summarized and compared with

each other in this paper. In addition, future research and development trend is predicted.

Key words: SAR; Coastline detection; Edge detection
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