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Research on Lot- size Decision- making of Returned Product in
Different Remanufacturing Strategy

Abstract:Reverse logistic is a special part of the enterprise value- chain activities. This paper analyses the remanufacturing strat-
egy of returned products and sets up a mathematics model.To the randomicity and complexity of the remanufacturing process,the
paper establishes simulation models for the two kinds of different remanufacturing strategis with EXTEND Simulation software
package,and makes decisions on remanufacturing lot- size with the evolutionary optimizer block of EXTEND.
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New Methods for Solving the Multi- level Programming Problem

Abstract:Considering the difficulties of dissolving the common multi- level programming (MLP)model and the similarities and
differences between MLP and MOP(multi- objective programming), the authors put the further minimum distance method and the
linear weighted method of MOP into solving the multi- level programming problem(MLPP).Because of the hiberarchy structure of
systems and according to the corresponding importance of objective function among multi- level or one level, the authors also
give the corresponding weight of the objective functions and put forward two new methods for soliving MLPP—the further mini-
mum distance method and the linear weighted method.Finally two numerical examples are given to illustrate the simpleness and

validity of these two methods.

Key Words:multi- level programming;multi- objective programming;minimum distance method;linear weighted method



