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Abstract: Nowadays the techniques of negative association rules mining focus on mono—database.With the rapid development of
database technologies, multi—database mining is becoming more and more important.Knowledge conflicts within databases may oc—
cur when mining both the positive and negative association rules simultaneously.This paper proposes the model of synthesizing as—
sociation rules and synthesis correlation to resolve conflicts on base of previous work on multi-database mining.The experimental
results demonstrate that the algorithm is correct and effective.
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