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Robust classifier based two-layer Adaboost for precise eye location

LIU Yi, GONG Wei-guo, LI Wei-hong
(Key Laboratory of Opto-electronic Technology and Systems of the Education Ministry, Chonggqing University, Chonggqing 400030, China)

Abstract: A two-layer eye classifier for eye detection was proposed. Two layers, double-eye layer and single-eye layer,
had been trained and cascaded into a strong one for eye detection. Two-layer classifier was more robust in illumination
invariance eye detection compared with YCbCr space eye map algorithm. Also, it kept the same detection rate as the

commonly trained Adaboost eye classifier with a much lower error detection rate. Relationship among stages, training sample

number and error detection rate had been analyzed to facilitate the training procedure.
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