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Tradeoff of Errors of Two Types in Customer Churn Prediction

Xia Guo-en,Jin Weidong

(School of Economics & Management,Southwest Jiaotong University)

Two types of errors about “rejecting true and accepting false” are inevitable in customer churn prediction. In

this paper,a model based on SVM was used to predict customer churn. Through the analysis of different effects by two

types of errors in customer churn prediction, issues related to the tradeoff between the errors in an American

telecommunication carrier is studied. The results show that by adjusting the “loss-ratio-coefficient”, the model is

efficient in reducing expectation loss function value on the condition that errors of the two types can be controlled. This

reflects the real essence of the problem and can be a powerful decision tool in customer churn.

Key Words

Two Types of Errors,Customer Churn.Support Vector Machine



