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Abstract: With the development of the short message services, the characteristics and contents of the spam short Message
are also changing constantly, the main problems that exist in the traditional short message filtering systems are that the
characteristics and contents fail to be updated in time, which reduced the filter capability. This paper mainly utilized Na ve
Bays advantage of rapid statistics classification and Support Vector Machine (SVM) incremental training characteristic in Spam
Short Message filtering, and provided feedbacks to the online filtering sub-system in time in order to enhance the system-s self-

adaptability. The experimental results show that this new method effectively deals with the above problems in the traditional

spam short Message filtering systems.
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