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Abstractt ALVINN(Autonom ous Land Vehicle in a Neural Netw ork) is the best intelligent vehicle road follower

based on neural network in the world. Road follow ing camera is fixed on ALVINN, so information about road may

be missed during steering and follow ing perform ance may be decreased, even the task of road follow ing cannot be

completed. In this paper, an im proved based on road follower always is proposed, in which the azimuth of road fol-

low ing camera is efficiently controlled so that the road is always in the center of image. This opens possibilities for

im proving road follow ing performance. Performance im provement is verified by com puter simulation results.
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Fig.1 Determ ination of desired steering radius for virtual im age
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Fig. 2 Com pensation of steering comm and
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Fig. 3 Control of azimuth angle during learning
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Fig. 4 Results of road follow ing

X3 P R ERAT 250 5, BB TP IE RS B R
B 0 BETE S P S A A L A AR AT AR
Bt 2 b, 15935 T A HR I g R 35 M3k BUE 1615
S R SCHRE HA I 2 B 4 0 i R R AR ML) T VA G
SERAE R BB ZE 14T I 5 N WAT A BE Iz, 534k,
SEBR NG AEAS T A AN ZRFE A2 ALVINN 1
Oy KRB D B8, o Ui 1) SE B A A A e 7= A= vy o
()R FURE AR, 75 2% 3] I 72 b 3= g #5 l BA5 HL 7 4 #
N 3R A v TR SE PR AR AR AL T R B, N T 3R A5 B 4
[ REAA 1 RE.

Z WK (References)

I Pomerleau D A. Neural Network Perception for M obile Robot
Guidance. Kluwer Academ ic Publishing, Boston, 1993

2 Zhu Z, Yang S, Xu G, Lin X, ShiD. Fast Road Classification
and Orientation Estimation Using Omni- view Images and Neural
Networks. IEEE Trans. IP, 1998, 7(8): 1182- 1197

3 Sunkthankar R, Pomerleau D A, Thorpe C E. Panacea: An Ac-
tive Sensor Controller for the ALVINN Autonom ous Driving Sys-
tem. Report CMU-RI-TR-93-09, Robotics Institute, Carnegie
Mellon University, 1993

T T A
VPRI 5. F S T R, 2 10 R



