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DISTINGUISH BETWEEN INRUSH AND INTERNAL FAULT OF TRANSFORMER
BASED ON ADAPTIVE WAVELET NEURAL NETWORK
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ABSTRACT: Inrush identification is always a key problem in
power transformer current differential protection. A novel
technique using adaptive wavelet neural network is presented
to distinguish between inrush and internal fault currents. Based
on the characteristics of inrush and internal faults, the
architecture of a four-layer adaptive wavelet neural network is
given and the implementation details are discussed. ATP-EMTP
is used to generate the training samples and testing samples.
The test results show the presented technique can make reliable
discrimination between inrush and fault currents.
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Tab.1 Test results of adaptive wavelet neural network
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Tab.2 Comparison among adaptive wavelet neural
networks with different wavelet parameters
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