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Abstract Optical flow estimation is an important method to motion image analysis. This paper introduces forward and backward constraint
equation and Hessian matrix for the computation of optical flow. It examines well-posedness of each point of local neighbourhood and the weight of
Lucas Kanade’s method is defined as the reciprocal of the conditioning number of its Hessian Matrix. This can eliminate those uncertainty
constrains and improve the numerical stability of the solution of the gradient constraint equation. Experimental results show that this method is

suitable and reliable.
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