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Clustering-based feature selection in text categorization
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( College of Software, Nankai University, Tianjin 300071, China)

Abstract: Traditional text feature selection methods have a common characteristic that they evaluate features with some
evaluation function individually. Because they do not consider the relationship among features, the selected feature subsets are
redundant sometimes. This paper introduced a new feature selection method, which first used clustering to reduce redundancy

among features and then used Information Gain to choose good features. The experimental results show that the new approach

significantly improves classification accuracy.
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