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Comparison between 3 Individual Identification Methods Using Microsatellite Markers
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(College of Animal Science and Technology ,Yangzhou University, Yangzhou 225009, China)

Abstract: 30 Luxi and 30 Bohai Black individuals were genotyped with 12 microsatellites. The ef-
ficiencies of individual identification among phylogenetic tree analysis, maximum likelihood and
Bayes approach were compared. The results showed that the individual identification accuracy
rates were 100% for 3 methods using 12 microsatellites and 6 low heterozygosity microsatellites.
By using 6 high heterozygosity microsatellites, the accuracy rates were 83.33%, 76.67% and
71. 67 % for Bayes approach, maximum likelihood and phylogenetic tree analysis, respectively.
All of these indicated that Bayes approach maybe the most accuracy and should be the first choice

in individual identification research, and the maximum likelihood and phylogenetic tree analysis

could be the complementary methods.
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Talbe 1 The expected heterozygosity of microsatellites for different groups
4171 ElE7) B T R RN
Group Primer Luxi Bohai Black Total populations
TGLA-227 0.765 0 0.910 7 0.873 8
ETH-225 0.836 2 0.783 1 0.865 3
. IDVGA-2 0.843 5 0.850 3 0.858 7
6 X AR S W .
CSSM033 0.830 5 0.837 9 0. 846 2
6 high He microsatellites
AGLA-293 0.783 1 0.644 1 0.792 2
TGLA-122 0.807 3 0.711 3 0.789 8
Mean-=+ SD 0.810 9+0.031 6 0.789 6+0.098 0 0.837 7£0.037 3
CSSM043 0.589 3 0.444 6 0.738 5
BM1824 0.269 5 0.587 6 0.716 7
6 WHIE 2L & 1 2 4 TGLA-73 0.157 6 0.2350 0.594 3
W IDVGA-55 0. 487 6 0.507 9 0.550 0
6 low He microsatellites
ETH-3 0.494 4 0.453 7 0.488 0
IDVGA-11 0.066 1 0.662 1 0.431 4
Mean=+SD 0.344 1£0.210 2 0.481 8+0.146 6 0.586 5+0.122 6
12 X5 51 9 i) 4 8
) ) . Mean=4SD 0.577 5+0.282 8 0.635 7£0.199 9 0.712 1£0.157 1
Mean of 12 pairs microsatellites
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Fig. 2 The radial individual NJ-tree based on DC dis-
tances from 6 high He microsatellites
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