1999 10 4

{ 98 )

Abstract: The thesis deals with state space modeling and forecasting
of time series. Decomposition model methods proposed to construct the model.
Based on this method, the original time series can be modeled directly into
state space formula. The trend component is modeled as random—walk model,
the periodical component is modeled as dynamic harmonic regression model.
Finally, the complete state space model is formed. this method removes the
complexity in ARIMA model proposed by Box and Jenkins.

Keywords: Time series, State space model, EM algorithm, Kalman
Filtering, Theta Algorithm, Optimal fixed interval smoothing
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