33 B 1] a5 B 5 ¥l Vol .33 ,No 1
2004 “F 2 Information and Control Feb., 2004

LHEGS :1002-0411(2004)01-0013-05

s

E?ﬁﬁ\€%i§%?7ﬁiﬁ$$?§|ﬁ]é§ﬁ@ Laguerre IZI%[
ity = By VA M EASH
=E

SRS, ol L Z® &, £,

(PHEBEEHEARRZANMMER , 2B AE 230027)

o

BT Laguerre RRBUIE ALK 15 N U #5100 75 i vh B VEBRFR bR TR AT 20 IR B0 AT A HE LA ik B
A SRR AR T VR VA 22 I 2% (. © NN T DA 2 e G O A 3 R B N R AR /N SCFE TR AT T Laguerre TR A% i 3
W TR RE AT VA ONN IR i, B IR T — MR oNN R HIE BE R A7 EAT SO0 IR BT B0 w8 2 i 4318
3 Shell £ 1 (19477 BLSEI0 25 JLR WA X PR -5 B 428 i 510 W LU B A7 428 11 S g ZE 43 1) LAy B R e

D] T A RS TRVERN A N4 Laguerre PR TR B N

TS 2KS  TP273 SCHRBR IS - B

A Laguerre Function Model Adaptive Predictive Control Strategy Based on a Chaotic
Neural Network for Heavy Oil Distillation Column

ZHANG Hartao, CHEN Zong-hai, Qin Ting, Wang Lei, Xiang Wei

( Department of Automation, University of Science and Technology of China, Hefei 230027, China)

Abstract : Performance index of the adaptive predictive control strategy based on Laguerre model is hard to con-
verge to global optima. And chaotic neural network ( CNN) can effectively avoid local optima during the optimiza-
tion process . In this paper, the adaptive predictive control strategy based on Laguerre model and the features of
CNN are briefly introduced. And a novel strategy to apply CNN to optimize the performance index is e mphatically
brought forward. Simulation results on Shell model of heavy oil distillation column show that the control quality of
this hybrid intelligent strategy is markedly improved compared with original control strategy .
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