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Abstract: A genetic branch and bound algorithm is proposed to solve the 3 machine flow-shop permuta-
tion problem, which is sim ilar to often used the genetic local algorithm and the genetic dynam ic programm ing
algorithm. Based on the test exam ples that are produced w ith random methods and the perform ance Com part

son w ith the fam ous Taillard' tuba search algorithm and Reeves' genetic algorithm, the experimental results

show the effectiveness of the genetic branch and bound algorithm.
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Tab.1 Performance comparison am ong the three algorithms
WAL BOE FHHE Reesve ML HIA Taillard 2R &R

n m Y NI /s Y NI /s y IR/
10 3 0. 00 6.51 0. 00 8.62 0. 00 7.12

20 3 0. 00 14.76 0. 01 15.12 0. 00 12.86
30 3 0. 05 21.29 0.19 24.58 0.11 28. 62
40 3 0.23 41. 42 1.17 38.31 0.54 42.17
50 3 0. 00 49.22 1.48 43. 67 1.65 75.12
80 3 0.36 63.96 1.11 58.76 2.36 98. 35
100 3 0.12 57.63 4.54 79. 63 5.17 121.76
160 3 1.28 112.76 2. 69 99. 78 4.10 146. 81
200 3 2.21 153. 48 4.13 115.34 5.06 192. 69
240 3 0. 31 138.35 3.79 165.89 3.96 253.15
280 3 1.53 181. 41 6.18 143.92 6.91 248. 98
300 3 0.00 251.23 10. 61 186.77 12.85 283.37
350 3 0.54 271.85 3.24 243.58 8.79 321.78
400 3 1.15 296. 54 5.52 254.31 6.73 331. 64
460 3 0.16 342.92 8. 11 311.15 8.43 355. 45
500 3 1.02 321.33 5.87 287.11 9.82 415.87
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