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For malization Research on Collectivity Mode of Swarm Intelligence Algorithm
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Abstract : This paper gives the collectivity mode framework of swarm intelligence algorithm on the basis of its formal-

ization definition , and describes the formalization of the algorithm mode in detail by taking particle swarm optimization as a

specific case .
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Fig.1 General mode framework of swarm

intelligence algorithms
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Mode disasse mbling of swarm intelligence algorithms in which the object is decomposable
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