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CONG Shuang
(Dept. of Automation, University of Science and Technology of China, Hefei 230027)

Abstract: The artificial neural netw orks have been w idely used in very kinds of areas, especially they are
paid great attention to the applications in intelligent system of nonlinear m odeling, design of controller, pat-
tern classification and recognition, association mem ory and optimal calculation. A survey of neural netw orks
from identifications and controller design to the different system structures in system control are given, in-
cluding feature com parisons between their functions.
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Fig.1 The structure of netw ork

used in the training m odel
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Fig. 2 The structure of network in the work of m odel
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Fig.3 The training structure of direct inverse m odel
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Fig. 4 The training structure of indirect inverse m odel
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Fig. 5 The training structure of supervise
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netw ork used as a controller
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on-line turning weights
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Fig. 7 The feedback control system
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Fig. 8 Network model reference control system

RGPEHIN H H A8 R G850 5 22 B 0

AT S B
Tim Ly (k) - y(k) Il < € (4)

R RE— AN RE B E €2 0 RO

AT R BE RS O, ARGz s i, s R
g n] LU I RG22 9 8 B TR SR AR o 42 )
TRE AR 22 i, SR A S Y R A
DI AR, B A A LS B s . 3
Zx, KRS h 2 W itk P2, wr Ly Al LB FR I
AE.
2.3.4  WHEEE

AZE 9 238 ) T i) 52 20 Ly 3 AR £ Py A7 1 P A
BT R N, R HI R ST S5 R i o pir
7R, B — AN P 28 TR L SR R GG, JF
PP P R 2 A B AN 5 R S A 3 R 4%

BN
Poen

34

_;C)

Yer ¥e C u P
L P

Ko MR RGKE
Fig. 9 The structure of internal m odel control system
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(The applications of neural network in pat-

tern classification and recognition)
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Fig. 10 The structure of perceptron
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The structure of com petition netw ork
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Fig.12a Left: Input pattern vector

Fig.12a Right: Weight vector after 400 times training
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Fig.12a Right: Weight vector after 4000 times training
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Fig.14a The letter w ith noise

Fig.14b The right result of netw ork recognition
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Table 1 The summary of typical netw orks and their functions
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