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STUDY OF CHAOS IDENTIFICATION AND CONTROL
BASED ON WIENER MODEL

LTI Xiang CHEN Zeng-qiang YUAN Zhu-zhi
(Dept. Computer and System Science of N ankai University, Tianjin 300071)

Abstract: An identification structure based on W iener m odel is presented for chaotic system, and an ex-

tended kalm an filter algorithm is used to quicken neural training. A novel nonlinear general predictive control

paradigm is developed to control chaos, and a incremental gene is introduced to im prove dynam ic system per-

form ance. Simulation studies verify effectiveness of our proposed identification and control structure.
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Fig.1 Chaotic system identification structure

based on W iener m odel
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Table 1: Comparison between BP and EKF algorithm on m odeling simulations (Henon m odel)
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