2018/12/3 FIEZETE O IR 3h: 3 TR FEGARCH LAY K 7 | 4 A1 15 ) 1 AT 7

B | BN | wES | WIEENE | 15eIER | BFRTIR | THAE | BER | BREHA |

hE&ERS 2015, Vol. 23 Issue (6) :32-40
it BHES | THESR | 3T | SHieE << Previous Articles | Next Articles >>

HiERIERORSIE BTN : EFIEHIFEGARCHIZEEL R AR A H BRI TR

RFIE, HEW, IVE, FREE

BRIWAZERSZEE, L GEB 230009

The Shanghai Stock Index Volatility:Forecasting Research Based on Fuzzy FEGARCH
Model and Different Distribution Hypothesis

HOU Li-giang, YANG Shan-lin, WANG Xiao-jia, CHEN Zhi-giang

School of Management of Hefei University of Technology, Hefei 230009, Ching

o HE
o BE
o BXRNE

Download: PDF (973KB) HTML (1KB) Export: BibTeX or EndNote (RIS) Supporting Info

AT AXEEXN2006FE201 15 HIFREKERFF ISR TIUUAR., 85T A SRIEIRINAREM AT RE S, &

BMEHIBIE RS IR H— A S R A I ZR AT % - A FEGARCHIREY, AR IFAYE I B E RS W S SR E R T TR

W, EDR, 97 N Ao R SRR SO A TS RE RO B/INARRE 55 BISRFES3 7654 (GARCH-N, GARCH-t, GARCH- HT] BRI
GARCH-SGT)FIARIIFREL(GIR-GARCH, EGARCHFIRMIFEGARCH )AIRENEELHITERBEITUNIE(SPANG. SEUELERZE, INBAIBER
IR R TR AN LU P B R BN E S, T SHIFEGARCHEESI FEARIEER. MREFHIFMIE maa mems
M TR TR AL, BB T IR R ST, Email Alert
Kegia . REitE HRMIFEGARCHIEE! TRl SPAIGIE RSS
Abstract : In general, the transmission of volatility in the stock market is time-varying, nonlinear, and asymmetric

with respect to both positive and negative results. Given this fact, the method of fuzzy logic systems is adopted to

modify the threshold values for an EGARCH model.The volatility forecasting for the SSEC stock index series from

2006 to 2011 is provided and the essential source of performance improvements is identified between distributional

assumption and volatility specification suing distribution-type (GARCH-N,GARCH-t,GARCH-HT and GARCH-SGT)and
asymmetry-type(GIJR-GARCH and EGARCH) volatility models through the superior predictive ability test. Such

evidence strongly demonstrates that modeling asymmetric components which is the fuzzy EGARCH model is more

important than specifying error distribution for improving volatility forecasts of financial returns in the presence of

fat-tails, leptokurtosis, skewness, leverage effects and nonlinear effects in china stock market.
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