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Abstract 
Temporal data mining (TDM) has been attracting more and more interest from a vast range of domains, from engineering to finance. 
Similarity discovery technique concentrates on the evolution and development of data, attempting to discover the similarity regularity of 
dynamic data evolution. The most significant techniques developed in recent researches to deal with similarity discovery in TDM are 
analyzed. Firstly, the definitions of three categories of temporal data, time series, event sequence, and transaction sequence are 
presented, and then the current techniques and methods related to various sequences with similarity measures, representations, searching, 
and various mining tasks getting involved are classified and discussed. Finally, some future research trends on this area are discussed. 
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摘要 
现实世界存在着大量的时态数据,时态数据挖掘(temporal data mining,简称TDM)是近年来学术界关注的一个重要研究课题.相似性发现技术关

注数据的发展变化,试图从时态数据中发现事物动态演化的相似性规律.分析和比较了近年来TDM研究中涉及的主要相似性发现技术.首先区分

定义了3类时态数据:时间序列、事件序列和交易序列;然后分类并讨论了各种与序列相关的主要方法和技术,涉及相似性度量、序列抽象表示

和搜索,以及各类挖掘任务及其算法操作;最后展望进一步研究的方向.  
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