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Abstract 
The success of ISOMAP depends greatly on being able to choose a suitable neighborhood size, however, it is still an open problem how to 
do this effectively. Based on the fact that "short circuit" edges pass the area with the relatively lower local densities, this paper presents a 
new variant of ISOMAP, i.e. P-ISOMAP (pruned-ISOMAP), which can prune effectively "short circuit" edges existed possibly in the 
neighborhood graph and thus is much less sensitive to the neighborhood size and more topologically stable than ISOMAP. Consequently, P-
ISOMAP can be applied to data visualization more easily than ISOMAP because the open problem described above can be avoided to the 
utmost extent. The effectivity of P-ISOMAP is verified by the experimental results very well. 
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摘要 
ISOMAP算法能否被成功运用,很大程度上依赖于邻域大小的选取是否合适.然而,如何有效地选取合适的邻域大小,目前还是一个尚未解决的难

题.根据"短路"边会途经相对的低密度区域这一特点,能够有效删除邻域图中可能存在的"短路"边,提出了P-ISOMAP(pruned-ISOMAP)算法,这极

大地削弱了ISOMAP算法对邻域大小的依赖程度,从而使其更具拓扑稳定性.由于避免了邻域大小难以有效选取的问题,P-ISOMAP算法能够更容

易地对数据进行可视化.实验结果很好地验证了该算法的有效性.  
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