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Markov logic network and its application in text classification

Abstract: This paper introduced the theory, learning methods and inference algorithms of Markov logic

network that was also applied to the Chinese text classification. With reference to the discriminative
learning algorithm for Markov logic network weights, MC-SAT, Gibbs sampling and simulated tempering
algorithm in experiments, it proves that the method based on Markov logic network is better than
conventional K Nearset Neighbor (KNN) method in text classification.
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