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NONLINEAR TIME SERIES PREDICTOR BASED ON
GENERALIZED RADIAL BASIS FUNCTION NEURAL NETWORKS
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Abstract
The architecture and learning algorithm of traditional radial basis function (RBF) neural
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networks are surveyed in this paper. A generalized radial basis function model is K AR B

proposed, which is more flexible and extensible. Based on the numerical solution to " | N A e T L
Mackey-Glass hematopoietic model equation, the prediction results obtained by radial j,(i%q] OF e 1) A
basis function (RBF) model, gradient radial basis function (GRBF) model, and the e —

generalized radial basis function model are compared and discussed, which show the PA AR AL

effectiveness of the generalized model. .o B
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