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Continuous Distance Density Segmental Probablistic Model

Zheng Fang, Yang Hongbo, Wu Wenhu, Fang Ditang
(Tsinghua University)

Abstract

A new model for speaker-independent speech recognition is proposed in this paper, which is called
Continuous Distance Density Segmental Probabilistic Model (CDD-SPM). The computation of this
kind of model is much less than that of the continuous hidden Markov model, yet the performance is
almost the same. The new model can eliminate the VQ distortion that is caused in the SPM. So this

is a model whose performance and computation are between continuous HMM and discrete HMM.
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