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Abstract: Presently,the study of mining algorithms for multiple correlated data streams is still at a bR BT

primitive stage.As the basis of mining multiple data streams,the methods of updating the frequencies of
patterns,are bearing problems of count deviation,low performances etc.Consequently,efficient mining b

algorithms are difficult to be built either.The concepts of multi-relational data mining and target relation

are introduced firstly,and the count object is defined accordingly.Then an algorithm based on sliding b PRt

windows for updating frequencies of multi-relational patterns is proposed,which monitors the updates of F %j=4:
streams,adopts the strategy of count propagation,and relieves the complexity of runtime and space.The | Jix

theoretical analysis and experiments prove its effectiveness and performance. -
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