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Decoupling Control of Bearingless Switched Reluctance Motor With Neural Network Inverse b CEE AR
System Method b S R
SUN Yukun, ZHOU Yunhong, JI Xiaofu A SR A S
School of Electrical and Information Engineering, Jiangsu University b AL
Abstract b T ICHERH FELAL
stract:
b AR

In view of complicated non-linearity, coupling, and magnetic saturation, it is very difficult to gain an accurate mathematic b AL S5

model and realize decoupling for a bearingless switched reluctance motor (BSRM). So after analyzing the magnetic field
and force characteristics with finite element method, a novel mathematical model was computed. This model could be fit b AN b

for both linear and saturated state, and even meet reversible requirement. Then a neural network inverse model was b T

established to decouple BSRM. Lastly, three closed-loop controllers were designed for pseudo-linear systems. Experimental

results based on dSPACE system validated this method. It can remedy the shortcomings of those existing decoupling b RN

means based on non-saturation hypothesis, which are not suitable for magnetic-saturated work condition, and can provide PubMed
more reliable theoretical bases for running state analysis, motor design, and control strategy study. F Article by Xun,Y.K
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